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Torusware assists organizations adopting microservices and Big Data to unlock
their transformational power through agile and scalable software




History and Milestones
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Torusware

Product Company

Jpeed

Availapie in http.//speedus.torusware.com

AWS and Azure Market Places & Docker Registry



http://speedus.torusware.com/

Torusware Professional Services m

Torusware addresses the need for fast and scalable Big Data through:
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Productizando Data Scientists Problem

3% 5% What data scientists spend the most time doing
4%

® Building training sets: 3%
® (Cleaning and organizing data: 60%
® (ollecting data sets; 19%
Mining data for patterns: 9%
® Refining algorithms: 4%
® Other:5%

Los Data Scientist dedica menos de 4 horas semanales a Machine Learning




Complejidad exponencial

PROCESSING ML FRAMEWORKS LEARNING
ENGINES ALGORITHMS
Distributed
Weka

Flink \ Classification
%
R Flink-ML
\"-.
H.0 N .
{Processing Engine) Hs0 Clustering
(ML Library)
MapReduce Mahout Collaborative
Filtering
MLIlib
Spark Dee_p
Learning
Oryx
Storm Regression
SAMOA
KEY
Direct Dependency
=== Compatibility
( = Source: Landset et al. Journal of Big Data (2015) 2:24. DOI 10.1186/s40537-015-0032-1 7
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Que configuracion escoger: CPU vs Disk

Figure 9. Workload based configuration chart

{0

Source: Cloudera blogs: http://bloc
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Que configuracion escoger:

({ What is the most cost-effective configuration for my needs?
— Multidimensional problem

o Cost
Replication e
+
RAID Large VMs
9 On-Premise
High availability | /
JBODs
And where is my
- system configuration +
< positioned on each of >
these axes? Performance
Remote volumes Gb Ethernet
A" VMs Rotational HDDs
Cloud =
7

Barcelona

Supercomputing
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Que configuracion escoger:

HiBench terasort execution cost by performance (normalized)

Hower a marker o ger execution configuration details, Drag 1o Zoom

InfiniBand + SATA disks (LOCAL)

Fast-Expensive Slow-Expensive

Expensive =

Price

o6

Hormalized cost (higher is worse)

GbE+ SATA disks
. (LOCAL)

CLOUD (#tmp.and HDFS in Blob
storage 1-3 devices)

Fast-Econaop Slow-Economical

= Economical

0.2
InfiniBand + SDD (LOCAL)
CLOUD (Amp in Local Disk, HDFS in Blob
0.1 storage 1-3 devices)

GbE SDD + (LOCAL) @ (QZLOUD (local disk /tmp and HDFS)

1] o1 0.3 0.4 06 o7 s na 1

Jona = Faster MNormalized execution time (higher is worse)  Slower =
Conter "o
Cﬂ:nﬁun‘l'nulﬁlm'ﬂ Supsrcamputesian P e rfu rma nce




Arquitectura Eficiente y Escalable para Machine Learning
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Caso de éxito: reduccion
del tiempo de respuesta
un 75%-90% con un 50%
menos de infraestructura

Response time (normalized to 100)

Scan Query
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Dataset A Dataset B
m Original = Torusware

Aggregation query

Dataset C

Join Query
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Casos de Exito m

Marketing

Contribucion de Torusware

Cliente

Disefio del “Data Lake” (el corazén) de la Plataforma Big Data

Disefio y mantenimiento de plataforma Big Data

Diseio de la nueva plataforma Big Data mas rapida y econdmica

Disefo y despliegue de plataforma analitica que permitio duplicar
la tasa de éxito de las campanfas

Disefio de una arquitectura Big Data 10 veces mas rapida

Tier-1 Bank

Transport leader

Retail leader

Media leader

d=esa

European Space Agency

/
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Success Cases

Aplicacion de las Tecnologias de Informacion a la Gestion Infegrada de servicios de Agua

Potable y Saneamiento bajo paradigma Big Data y empleo de Estrategias de Paralelizacion
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. | Model Maintenance
Temperature How a model becomes outdated Commencil
Demands
N : PN,
Re-zoning "'
Stage 1
T "; Mains
Renewals
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Boundary
Changes
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Traccion

NEW ORLEANS ELEVATION MAP

AREAS BELOW SEA LEVEL

w—perstates
—— Roads
[ ] Panish Boundary

Elevation
(Feet)
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Traccion

Vertical Velocity |l -29.9
(mmlyr) -24.9
<=-35 N -19.9
-34.9--30 I -14.9

6 Kilometers \ \ :
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LOrus

Contact:

Email: Info@Torusware.com

[Torusware HQ]

68 192B, Ronda Outeiro
15009 A Coruina, SPAIN
Phone: +34 981 97 82 86

[Torusware@UK]

L39, One Canada Square, Canary Wharf
E14 5AB London

Phone: +44 7756 788791
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